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The study of framing bias on the Web is crucial in our digital age, as the framing
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of information can influence human behavior and decision on critical issues such (fiter bubbles) We fight
as health or politics. Traditional frame analysis requires a curated set of frames ,
derived from manual content analysis by domain experts. In this work, we intro- S the virus.
duce a frame analysis approach based on pretrained Transformer models that of content
let us capture frames in an exploratory manner beyond predefined frames. In In 2021, doctors prevented the spread of the virus by vaccinating with Pfizer.
our experiments on two public online news and social media datasets, we show
that our approach lets us identify underexplored conceptualizations, such as that Figure 1: Motivational Example of Framing and related effects.
health-related content is framed in terms of beliefs for conspiracy media, while
mainstream media is instead concerned with science. We anticipate our work RQ 1: Extraction

to be a starting point for further research on exploratory computational framing

analysis using pretrained Transformers. How can we extract frames from polarized Web content

without prior conceptualization?

RQ 2: Categorization RQ 3: Consumption

How can the extracted frames be categorized for specific What is the relationship between frames and viewpoint
contexts, e.g., health-related topics? diversity in Web content consumption?

Framing Analvsis Approaches

In 2021, doctors prevented the spread of the virus by vaccinating with Pfizer.
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Table 1: Summary of the comparison between the three sub-approaches. The complexity in-

/ Statistical Analysis / Deviation of Distributions / / Positional Analysis /Cosine Similarity/Distance/ / Structural Analysis /Frequency LogOdds Ratio/ . .. . . .
creases from left to right, but similarly increases in exploratory potential.

Figure 2: Overview of the three complementary approaches. Subfqures show the result of a transformation with each approach.
In (a), a predefned set of labels is predicted, here in a zero-shot setting, and the label probabilities are plotted (blue for predicted Met h Od O I og y
labels with high probability). In (b), the tokens of the sentence are projected onto framing axes in 2-dimensional embedding space,

where the axis poles are opposing each other (e.g., positive vs negative). In (c), the text is transformed into a semantic (rooted, [l Mixed Methods-based Approach

directed, and acyclic) graph.
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